, which the fluctuations of monthly SST anomaly display longterm correlated behaviors. Furthermore, the larger the standard deviation is, the smaller long-range correlations (LRCs) of SST in the corresponding regions, especially in three distinct upwelling areas. After the standard deviation is taken into account, an index χ = α * σ is introduced to obtain the spatial distributions of χ. There exists an obvious change of global SST in central east and northern Pacific and the northwest Atlantic. This may be as a clue on predictability of climate and ocean variabilities.
Introduction
The ocean plays an important role in the complicated climate system. The huge thermal capacity in the ocean enables SST variability to exhibit strong persistence characteristics. Sea Surface Temperature (SST) as a key factor that the ocean is connected with climate on a global scale is not always easy to analyze due to the nonlinear and irregular evolutions with different spatiotemporal scales. To characterize Long Range Correlations (LRCs) of the SST fluctuation on all pertinent temporal scales still poses a challenge. Therefore, it is necessary to detect spatio-temporal evolutions of LRCs in the global SST fluctuation.
In recent years, long-range persistence or dependence has been investigated in many fields. DFA developed by Peng et al. [1] has been established as an important tool to detect LRCs in time series with non-stationarity. Compared to the traditional approaches, such as the powerspectrum and correlation analysis, DFA can systematically eliminate trends in the data and thus reveal intrinsic dynamic properties such as scaling behaviors often masked by non-stationarities [1] [2] [3] [4] [5] [6] [7] . DFA has been successfully applied to evaluate characteristics of data sets such as long-time temperature records [8] [9] [10] [11] [12] [13] [14] [15] [16] [17] [18] , financial time-series [19] , heart rate dynamics [20] , air pollution [21] , ozone variations [22] , regional temperature records [23] [24] , global surface air temperature [25] , among others. Previously, it was observed that the exponent in temperature records had roughly the same value of 0.65 for the continental [15] .
LRCs consist in the temporal evolution of different climatic sub-systems generated by natural and anthropogenic causes and keep significant power-law correlation behaviors over a wide time scales [26] . In other words, the interactions of different climate sub-systems are non-stationary and even non-linear processes. LRCs characterize the scaling behaviors of various parameters with all pertinent spatial-temporal scales. The DFA method can handle the nonstationary of the process with trend. The diagnosis and prediction of the mechanisms are of great importance to descript the temporal evolution of different variables. Therefore, LRCs and geographical distributions of SST time series are fundamental to further understand climate change and air sea interaction under different backgrounds. Moreover, it may provide a valid basis to test existing and future climate and ocean models, especially for different regions in the world.
In the study of SST fluctuations, Monettia et al. [14] noticed that the fluctuations of SST in the Atlantic and Pacific oceans display a non-stationary behavior at short-time scales that seems to end at 10 months, while a stationary behavior above time scales of 10 months. This reveals the LRCs of SST. Zhu et al. [27] analyzed spectrum and scaling of meridional overturning circulation (MOC) in the Atlantic ocean. The power-law scaling in the spectra is S (ƒ)~ƒ -β for lowest frequencies. LRCs are found in these spectra when the exponent β is larger than 0. Gan et al. [28] used the optimum interpolation sea surface temperature data to analyze scaling behaviors of SST in the South China Sea. They think the time interval of LRCs spreads from about 1 month to 4.5 yr over a wide period and LRCs depend on different geographic locations. Alvarez-Ramirez et al. [29] found that there exist LRCs and multi-fractal characteristics in continental and oceanic monthly temperatures for both Northern and Southern hemispheres. Moreover, the persistence of ocean temperatures exhibits a cyclic behavior around an average value of 22 years. Luo et al. [30] studied scaling behaviors of SST in globe divided into two pronounced regimes by taking into the ENSO consideration as a general crossover. There exist non-stationary and anti-persistent behaviors for SST at the small-scale, while stationary and LRCs at the large-scale. Zhang and Zhao [31] revealed asymmetric LRCs of SST in globe with upward and downward analysis using asymmetric detrended fluctuation analysis (A-DFA) method. The LRCs of SST takes on a letter ''V" in the tropical Pacific ocean, where there exist the larger scaling exponents at two sides of the eastern tropical Pacific. Such pattern may be affected by ENSO which the period is 2~7 years in middle and east tropical Pacific.
The main aim of this paper is to detect LRCs and the geographical distribution of the scaling law of global SST fluctuation and to discuss if it exhibits positive LRCs at different time scales using DFA. The estimation of the power-law exponent α in the global SST data sets is outlined.
Method and Data

Data Records
The Met Office Hadley Centre's monthly sea ice and sea surface temperature (HadISST) data set is a combination of globally SST and sea ice fields focused on a 1 degree latitude-longitude grid from January 1870 to December 2009. The HadISST data set replaces the Global sea Ice and Sea Surface Temperature (GISST) data sets and merges monthly SST from the Comprehensive Ocean-Atmosphere Data Set (COADS) to enhance the data coverage [32] . We accessed the data from http://www.metoffice.gov.uk/hadobs/hadisst/data/download.html. The annual cycles from the raw data T i are removed by computing the SST anomaly ΔT i = T i − hT i i m , where hT i i m denotes the average value for a given month.
The monthly SST anomaly during 1870-2009 is used to explore the temporal scaling behavior over the globe. Varotsos et al. [25] separated global surface air temperature anomalies into three regions the Northern Hemisphere (NH), Southern Hemisphere (SH) and globe to investigate the existence of LRCs in their temporal evolution. For that reason, six areas are divided into the tropics (30°S -30°N) , the intermediate latitude of NH (30°N-60°N) , the intermediate latitude of SH (30°S-60°S), NH (0°N-60°N), SH (0°S-60°S), and globally area. In the present study, the results are calculated for all the grids in all time-intervals.
The DFA Method . The value of exponent α represents the degree of the correlation in the signal: if α = 0.5, the signal is uncorrelated (white noise); if α > 0.5, the signal is correlated; if α < 0.5, the signal is anti-correlated; for α = 1, the signal is 1/f noise. Different orders m of DFA (DFA1, DFA2, etc.) differ in the order of the polynomials used in the fitting procedure [for more details, see Kantelhardt et al. [3] .
Results and Discussion
The results obtained from the application of the DFA2 method to the global SST time series in the different latitude belts are depicted in Fig 1a, 1b, 1c, 1d, 1e than those at other regions, even around 1 which agrees with the study by Blender and Fraedrich [16] . However, the difference of LRCs is obvious in the region of intermediate latitude.
Luo et al. [30] studied the scaling behaviors of SSTA in different regions, where the value of scaling exponents as a whole are high in the extra-tropical regions, but low in the tropical regions. By comparison, the value α = 0.87 globally in this paper is higher than that α = 0.78 obtained by Luo et al. [30] . This implies that there exists stronger long-term memory for monthly SST anomalies. Moreover, the fluctuations of SST in the intermediate latitudes of the northern and southern hemispheres display persistence behaviors and LRCs at all pertinent scales that seem to end at 300 months. Moreover, this result suggests that the classical Markovtype stochastic theory does not apply to the long-term correlations between the fluctuations in the global SST variability. In fact, the global SST fluctuations exhibit more slowly decaying correlations.
In order to characterize the magnitude of SST variability, it is necessary to analyze the departure of the SST from the monthly average value, which is defined as standard deviation. The values of standard deviation reflect variation extents of the deviating mean value. Standard deviation of variables as an important consulting indicator determines the environment conditions in different zones. The spatial distribution of standard deviation in the global monthly SST anomalies records are exhibited in Fig 2 during 1870-2009 .
The maximum standard deviation of monthly SST anomaly in the tropics was found in the equatorial central east Pacific, while standard deviations are about 0.7°C-1°C in other three notable regions of the extra-tropics. The trade winds are one of important factors to affect the variability of SST in the central Pacific. The easterly weak Pacific trade winds in tropical regions enhance the warming of the surface ocean and an intensification of the subsurface thermocline under transient global warming. However, the anomalous strong trade winds in tropical Pacific areas accelerate the equatorial current and countercurrent [34] . Furthermore, upwelling governed by the interaction between atmospheric and oceanic processes is also an important mechanism to affect the standard deviation of SST [35] . There exists a distinct upwelling area in the equatorial central east Pacific zone [36] [37] . Moreover, the wind stress at the ocean surface brings geostrophic currents, where colder water of upwelling from land sinks under lighter water [38] . Meantime, the coastal Benguela eastward current, the Labrador current and the Kuroshio current play important roles on the impact of climate change considering the global meridional overturning circulation. Sea waters in these areas are modified by local mixing and air-sea interaction and then affect SST. SST anomalies provides the long-term memory in the climate system. The values of standard deviation are around 0.2°C-0.4°C and relatively low in the western Pacific and Atlantic and the Southern ocean [39] [40] . Large standard deviation reflects the complicated conditions of the SST fluctuations and variations in certain extents. In fact, the large value of standard deviation increases the probability of extreme events for the monthly SST anomaly records.
Next, the geographical distributions of the scaling exponents of the global SST fluctuation are analyzed by employing the DFA2 method, as shown in Fig 3. It is found the fluctuation exponents are different in different regions. The values of scaling exponent in the eastern tropical Pacific are low indicating that scaling behaviors may be affected by the ENSO phenomenon [31, 41] . The value of scaling exponent is close to 1 for North and South Pacific. This indicates that SST anomaly exhibits a strong long-term memory in both sides of the tropical Pacific near the equator, which is consistent with the results [36] . Comparing with the spatial distribution of standard deviation, it is found that LRCs are weak when standard deviation is large in those regions, especially in three distinct upwelling areas mentioned above. Large fluctuations of SST increase the probability of occurrence of extreme value, but reduce its long-term memory and predictability [42] . However, the value of scaling exponent is larger than 0.6 over the global oceans implying positive LRCs as a whole. Different spatial distributions in exponents are possibly modulated by ENSO, Pacific Decadal Oscillation (PDO) and Atlantic Multidecadal Oscillation (AMO) [43] [44] [45] .
An index χ = α Ã σ (α represents the scaling exponent, σ represents the standard deviation) [46] was introduced to assess the variance extents of global SST. Jiang et al. [23] had applied the index to analyze the subarea characteristics of daily air temperature in China. We find that there exist obvious seesaw distributions for the index in the central and northern Pacific in Fig  4. This may imply an indicator on extreme climate events. The spatial distributions of the index χ is consistent with the geographical dependence of large standard deviation [34] [35] . On the one hand, the index χ depends on the standard deviation to a large extent. On the other hand, the values of index χ are almost the same and 0.5 except for the regions of large standard deviation. The index χ may be an indicator of predictability [42] . The predictability of SST anomaly is low in those regions when the index χ is larger than 0.5, but high in other areas. The physical mechanisms need to be discussed in the future.
Conclusions
In this study, we studied the global SST records for 139 years using the DFA method. Long-Range Correlations in Global SST increase the probability of occurrence of extreme value, accordingly, reduce the long-term persistence.
Furthermore, an index χ defined by the scaling exponent multiplies the standard deviation is used to analyze the variance extents of global SST. The spatial distributions where standard deviation of SST anomaly is large is consistent with that of the index χ. The index in the central and northern Pacific is higher than that in other places. This may provide a clue on the evaluation of predictability.
